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Line-symmetrical Sample k-means
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K =28
FE N7 () gr)y BHEL Q) @ FITHE () ms) | AP Q) @) FBFE () @ FE1T78ERE () o)
k-means [MacQueen, 1967] 2.99 19.04 62.7 () 37.6 () 4.92 22.43 124.1 () 61.5 (p)
SBKM [su+, 2001] 2.65 4.83 73400.1 (p) 4.55 4.44 57884.4 (p)
LS k-means (ours) 0.18 23.95 103.9 () 158.7 (p) 0.8 21.83 192.0 (¢ 263.1 (p)
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K =28 K=1
FE N7E (1) @ BHFE () @ FITEE Q) o) | AP ) ) BHFHR () @ F7ER- Q) o
k-means [MacQueen, 1967] 1.13 43.56 0.89 (¢) 1.25 p 3.95 50.31 1.74 () 2.00 (p)
SBKM [su+, 2001] 1.45 69.35 137.5 (p) 4.92 115.43 229.0 (p)
LS k-means (ours) 0.0 59.61 1.69 (0)4.22 (p) 0.0 61.96 3.34 (c)8.98 (p)
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