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Investigation of downsampling technique for person re-identification using low res-

olution images
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a upsampling method (C2).
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Fig.10 Accuracy of person re-identification on the
CUHKO1 dataset.
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Table 2 Average and standard deviation of RGB val-
ues for images in each frequency band.

R G B

£9 1100.8460.4 | 102.1+£60.2 | 107.0460.1
T {5 9 1100.8449.7 | 102.14+49.3 | 107.0£49.2
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g 0.049.3 0.049.1 0.049.1
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Fig.11 Visualization of images in each frequency
band.
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Table 3 First matching rate (%) and AUC when us-

ing images in each frequency band.
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