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Fig.1 Body joints for representing spatial cues of leg
pose.
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ing torso.
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Fig.4 Overview of selecting pedestrian images.
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the TUP dataset.
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Table 2 Reduction rate of pedestrian images in the
TUP dataset.
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Fig.9 Accuracy of person re-identification in the
TUP dataset.
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Fig.11 Accuracy of person re-identification in the
TUP dataset by random selection.
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