—10 0O

ooooobooooooooooooon

oo oot
oo oof

oo oof
oo oof

oo oof
oo oof

Co-occurrence Attributes of Physical and Adhered Human Characteristics

to Improve Person Re-identification

Shota NAKANOT, Tappei YOTSUMOTO!t, Hiroki YOSHIMURA,
Masashi NISHIYAMAT, Yoshio IWAIf, and Kazunori SUGAHARA

0ood 0ooooooooooooOooOoOoOoOoOoOoOoOoOoOoOoOoboOoCoOoObOOCOOoOobOOoOOOODbOo
goooooooooooOooOooooOoooOooOoOoOOOO0OOObOO0OOOOOOODOOOOOObOOOOOn
goooooooooooooooooooooooooooooooooOoOOOOoDOODOODOODODODOOO
gooooooQooQooooooOoOoOoOoOoOOOOOOOOOOODOODOODOODOODODODODODDOO
gooooooooooooooooooOooOoOoOoOoOoOoOoOOOOOOOOOOOOOOOOOOODOOO
goooooooooooooooooooooooooooooOobooOooOoOoOOOOOOOODOOOODOOO
goooooooooooooooooooooooooooooooooOoOOOOoDOODOODOODODODOOO
gooooooQooQooooooOoOoOoOoOoOOOOOOOOOOODOODOODOODOODODODODODDOO
oooooooooooooooooooOoOoOoOoOoOoOOOOOOOOOO0OODOAO

goootd 0oooooooobooooboobooooooooooooooooo

1. D OO0

gbooboooobobooboooobooooboo
goooooboobooobooooooooboooobooo
gooooboobooboooobooobooooboo
ooooooooooooooooooooooon
oooooooooooooooobooooooon
ooooooooooOobooooobooooooon
cooooOoOooooooooOobOOoOO0oOooOooOoooo
oooooooooooooooobooooooon
obodooobooboobooooooobooobooo
good

gbooobooooobooboooobooooboo
gooooboobooboooobooobooooboo
ooooooooooooooooooooooon

0000000 00000 000000000000
Department of Information and Electronics[d Graduate
School of Engineering[] Tottori University

TooooDoDoOODODDOODOO0O0
System Engineering Department, Melco Power Systems
Co.Ltd.

104 0oooooboooood X Vol JI00-D No.1

000000000000000000000000
00000000000000000000 [1)0[4)0
0000D0000000000000000 [5)000
000000000000000000000 [6]0
[11]0000000000000000000000
000000000000000000000000
000000000000000000000000
000000000000000000000000
00000D0000000000000000000
000000000000000000000000
00000 ([6),[7]0000000000000000
000000000000000000000000
000000000000000000000000
000000000000000000000000
0000 [80[11]0000000000000000
0000 ([6,[7]00000000000000000
0000000000000000000000000
00000D0000000000000000000
000000000000000000000000
00000D000000000000000000

pp.104-114 ©@000000O00OOO 2017



gd0ooooooooooooooooooooo

gobooooooooobooooobooboobooo
goooooooobobooooobooboboobo
000000000O0O0D0OO0ooDOo2000000
0000000 [13]0Police Scotland O MissingPer-
sons [14]0 Most Wanted [15] 00000000000
goooobooboobooooooooboooobooo
gooboooooooboobooooooooobooooobo
gooooboobooboobooooooboooobooo
gooobooobobooboobooboboon
gboooboooboboboboobuoobobooo
gooooboobooboooobooobooooboo
goooooobooboooooooobooooboo
oooooooo

goooobooooboboboooobooooboo
goooobooboobooooooooboooobooo
goooobooboobooooooooooobooo
gooooboobooboobooooooboooobooo
gooobooobobooboobooboboon
gboooboooboboboboobuoobobooo
obooooboboooboboobobooooon
gbooooboboooboboobobooboooon
gooooboobooboooooooobooooboo
gooooboobooboooo

e JO0O0OOOOOODOODODOOODOOO
goooooobooboooboooooobooo

e JO0O0OOOCODOODOODODOODOOO
gooobooobobooboobooboboon
goooogo
gooooboobooboooobooobooooboo
gooooboobooboooooooobooooboo
gooooboobooboooo

godd2.000000s3.000000o0oOo04.00
oboooobOooooboooobobbooooo
5.0000000D00000DOOb0b0OO0 6.00
goog

2. 0DO0OO

gooooooooooooooboooooooon
ooooooooooooooooooooooon
0000000000 DO0OO0DOO[2oooooon
00000000 [1J00 RGBOOODOODOOOO
0@B000o00000o00o0ooooooUoOoo
0000000 (400000000000 0oOOn
obooooooobooooooooobboooDoOon

SRS, 51F) |

(R4 E) | HRSEHNE) |

01 0DO00ooOoooooood
Fig.1 Examples of co-occurrence attributes of phys-
ical and adhered human characteristics
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Fig.2 Binary representation of co-occurrence at-
tributes of physical (gender) and adhered hu-
man (tops) characteristics
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Fig.3 Flow of person re-identification using co-
occurrence attributes
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Table 7 Co-occurrence attributes contributed to the
performance of person re-identification
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Fig.7 Cumulative contribution ratio and cumulative
weight ratio of attributes.
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Table 8 Comparing p-value using Fisher’s exact test
and odds ratio
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Table 9 Comparing nAUC on multiple public
datasets for person re-identification
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