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Visual Quality Classification Using Multiple Subject Regions
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Fig.1 Examples of high/low quality photos.
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Fig.2 Examples of subjective and background re-

gions.
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Fig.3 Flow of our method.
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Fig.4 Example of clustering process.
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Fig.5 Comparison of performance of quality classification.
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Fig.6 Histogram of subjective score given to each
photo in the category ’Nature’.

4000 6000

Num. of photos

2000

'

1[l)0 2[‘)0 3[;0 4[l)0 5<l)0
Num. of people
07 000O0Nature’ 00O00000O0O0O0O0O0OOO
gooooooooooooooo
Fig.7 Histogram of people who give subjective
scores for photos in the category 'Nature’.
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Fig.8 Performance of quality classification in the
case that photos are categorized.
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